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RECOVERY CHALLENGES

Motivation: Real-world time series (sensor) data e Long and (linearly) correlated Temp. 2017 —-—  Temp.2018 ——  Humidity 2018
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e Full-fledged DBMS (MonetDB) support MonetDB system.
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EMPIRICAL EVALUATION DEMO SCENARIOS

Scenario 1 Recover multiple incomplete time

Efficiency Accuracy .
series at one.

e RECOVDB is up to 10000x and 10x faster than e RECOVDB outperforms the
BayesDB” and ImputeDB' respectively. STOA wusing RMSE, MSE
and MAE metrics.

e To achieve this performance, RECOVDB exploits RECOVDB is up to 66% and Scenario 3 Compare RECOVDB against STOA re-
the analytical power of MonetDB to handle the 87% more accurate than covery DB systems (i.e., BayesDB and Im-
data management and pre-/post-processing. BayesDB and ImputeDB, re- puteDB).

spectively.
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Scenario 2 Increase the size of the missing block
and of the data.
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